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The Landscape of Dialects The Corpus The ALUE Benchmark

Code Corpora Size Task Type Task Name Domain
Tw § Oscar Arabic 67M MDD Travel
Arabic Wiki 49M Sinole S 1l . . OOLD Tweet
Arabic CC100 111M 1ngle dentence Classification OHSD Tweot
C1 Arabic Newswire Part-1 2.3M FID Tweet
Arabic Gigaword Fifth Edition 96 M
Gulf Arabic Conv. 4K . . . MQ2Q Web
GALE (only Arabic data) 95K Sentence Pair Classification N Misc.
BOLT SMS/Chat (only Arabic data) 44K
Multi-label Classification SEC Tweet
C2 AR Egyptian Arabi 102K .
) OSCAR Egyptian Arabic Corpus . Regression SVREG Tweet
9 : C3 GALE Parallel Corpus 255K )
BOLT Egyptian Arabic SMS/Chat Experlmenta] Results
¢ 1 o 12: . 23:
2 o o Figure 1: C1 - Mixed Arabic and its dialectal variants, C2 - Egyptian Arabic : : .
: ;‘ : 12 : g‘;‘ sentences amounting to 102K, C3 - Parallel dialectal variants to English Model FID MDD MQQ SVREG SEC OOLD OHSD ANU
. 6: . 17; . 28; data from the GALE Arabic Parallel datasets which are 255K in total AraBERT 7831 5115 7741 4241 3221 9492 9657 51.02
. 7 . 18: . 20: AraBERT-Twitter 79.73 5226 77.07 3925 3134 9421 97.76  39.71
8 1o %0 mBERT 77.14 4931  77.11 3470 3549 9413 9649 51.08
. 10: . 21: « Other: Sparsely populated area or no m-B-Ar 79.61 56.04 80.26 50.82 41.05 94.62 97.13 50.57
+ 1 * 22 indigenous Arabic speakers The MQ de]_s B-Ar 79.32 5584 80.35  51.65 41.88 9458 9727 51.04
"I love reading alot.” -B-Ar 81.04 53.49 72.63 74.37 49.26 95.12 98.36 51.03
% Dialectical variance, exhibited by
: : ' [MSA] -R- - -R -
dlfferenCES N grammar and ‘ana ’uhibbuv/-qira' ‘ata katiran M B Ar B Ar t B Ar
vocabulary, is common in many Pana: Puhib:u_Iqgira:?ata kabi:ran Multilingual BERT model BERT model .
[anguages across the world. BERT continually trained from trained with a © Our l:nOdElS. © Mons)l:lngual models
| | 2ana nhebb neqra b-ez-zaf pretrained for scratch (Wlth custom tokenizer ® PUbl.lCl.y available models ® Multlllngual models
¢ Our work focuses on Arabic, where this ?ana kanebyi naqra b-ez-zaf 800K steps randomly trained on C1
variance can be particularly jien inhobb naqra hafna starting from the initialized
challenging. pretrained public weights) with C1 Model FID MDD MQ2Q SVREG SEC OOLD OHSD XNLI
. ?ana ktir bahebb il-gira?a checkpoint with for 1.3M steps m-B-Ar  79.61 56.04 8026 5082 4105 9462 97.13 50.57
% Further, scanty data for all variants ?ani kullis ?ahebb lu-qraye C1 for 800K +C2 79.35 56.60 8046 5372 40.13 9456 97.16 51.33
raises questions about how to +C2+C3 78.29 5682 80.65 5142 40.75 95.18 97.51 52.69
. . N steps B-Ar 79.32 5584 8035 5165 41.88 9458 9727 51.04
incorporate then during pretraining: +C2 8120 5584 8473 6972 4766 9453 9775 5213
+C2+C3 799 5§57.61 85.31 70.31 48.03 94.67 9791 51.38
Pre-trammg MethOdOIOg-y v' Small dialectal data can improve dialectical
[Q1] Continual Pre-Training (CPT) of multilingual models == robustness of finetuned multilingual and
monolingual model performance? ML M TLM monolingual models is used cleverly!
Masked Language Modeling Translation Language _
1 H , dialectical d l » Objective used with the Modeling Objective used v With C2 & C5,
[Q2] How to incorporate sparse a ecticat aata a ongsiae corpus C1 and C2 with the parallel corpus C3 monolingual models >> multilingual models
abundant Modern Standard Arabic (MSA) data during
pretraining?
Retferences
u C1+MLM u C2 +MLM €3+ TLM Aseelawi et al. lue: Arabic language understanding evaluation
[Q3] With strategies for incorporating dialectical data, is CPT : u — :}. — } — } Wiss.am Antoun at al.Ara!aert: Transformer—baseq model for arabic language u.nc.lerstanding
ith ltili l dels == CPT with li l dels? Alexis CONNEAU and Guillaume Lample. Cross-lingual language model pretraining
with multi Inguat modets == WITH monounguat modeis: Figures and examples borrowed from https://en.wikipedia.org/wiki/Varieties_of_Arabic

Datasets were obtained from LDC, the corpus referenced in Arabaert, OSCAR
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